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Abstract 
The rapid diffusion of digital payment systems has reshaped transaction practices among Micro, Small, and Medium Enterprises (MSMEs) in emerging economies. In Indonesia, the Quick Response Code Indonesian Standard (QRIS) plays a strategic role in promoting cashless transactions and financial inclusion. Despite its widespread adoption, variations in continued use among MSMEs indicate the need to better understand the behavioral mechanisms driving QRIS utilization. This study investigates the determinants of behavioral intention and use behavior of QRIS among MSMEs in the Greater Jakarta (Jabodetabek) area by integrating trust and the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2). A quantitative research design was employed, with data collected from 221 MSME actors through an online survey. The proposed model was tested using Partial Least Squares Structural Equation Modeling (PLS-SEM). The findings reveal that trust, performance expectancy, effort expectancy, social influence, hedonic motivation, and habit have significant positive effects on behavioral intention. In contrast, facilitating conditions do not exhibit a significant influence. Furthermore, behavioral intention significantly predicts actual use behavior, confirming its mediating role between individual perceptions and QRIS usage. The study contributes to the digital payment and technology adoption literature by reaffirming the applicability of UTAUT2 in the MSME context while highlighting trust and habit as dominant drivers of sustained QRIS adoption. From a practical perspective, the findings suggest that payment service providers and policymakers should prioritize trust-building initiatives, system usability, experiential value, and habit formation to strengthen long-term QRIS usage among MSMEs.
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1. Introduction
The digitalization of payment systems has become a critical component of financial sector development in emerging economies, particularly in efforts to enhance transaction efficiency, reduce cash dependency, and expand financial inclusion. In Indonesia, this transformation has been formalized through the introduction of the Quick Response Code Indonesian Standard (QRIS), launched by Bank Indonesia in August 2019 and implemented nationally in January 2020. QRIS was developed to standardize and integrate previously fragmented QR-based payment systems, enabling interoperability across payment service providers and facilitating broader adoption of digital payments.
Since its implementation, QRIS has experienced rapid diffusion, supported by increasing consumer acceptance and merchant participation. The adoption process accelerated during the COVID-19 pandemic, when contactless payment mechanisms became increasingly relevant, contributing to significant growth in transaction volume and user coverage (Sekarsari et al., 2021; Handayani, 2023). This expansion has been particularly evident among micro, small, and medium-sized enterprises (MSMEs), which represent a dominant share of Indonesia’s economic structure and play a central role in employment and value creation.
By 2023, QRIS had been adopted by approximately 30.41 million merchants, the majority of which were MSMEs, with transaction values reaching IDR 82.70 trillion and exhibiting substantial year-on-year growth (Laporan Perekonomian Indonesia, 2023). These developments indicate the increasing integration of digital payment systems into everyday commercial activity and highlight QRIS as a key infrastructure supporting Indonesia’s digital economy. At the macroeconomic level, the growth of QRIS-based transactions has coincided with broader increases in electronic and digital banking transactions, reinforcing the role of payment digitalization in economic modernization (Nugroho, 2023).
The relevance of QRIS is further contextualized by Indonesia’s broader shift toward non-cash transactions. Evidence from recent industry reports indicates widespread adoption of digital wallets and a gradual decline in cash usage, reflecting changing consumer payment preferences (Visa Report, 2024). In parallel, government initiatives have facilitated the digital onboarding of MSMEs, strengthening their participation in formal financial systems and supporting inclusive economic growth (Handayani & Soeparan, 2022; Putri Astari et al., 2024).
Despite these favorable trends, the sustainability of QRIS adoption has been challenged by recent regulatory adjustments. In July 2023, Bank Indonesia introduced a progressive Merchant Discount Rate (MDR) policy, exempting transactions below IDR 100,000 while applying a 0.3% fee to higher-value transactions (Laporan Perekonomian Indonesia, 2023). While relatively modest in magnitude, this policy has generated concern among MSMEs, which often operate with limited margins and exhibit heightened sensitivity to transaction-related costs (Ihsan & Siregar, 2024; Lestari, 2023).
Preliminary evidence suggests that the MDR policy may have influenced merchant payment behavior. Some MSMEs have reportedly reduced their reliance on QRIS or reverted to alternative payment methods that do not impose additional fees, such as cash or debit transactions (Pangastuti, 2023; Dewanty & Mustofa, 2023). Such behavioral adjustments raise concerns regarding the long-term diffusion of digital payment systems and the potential misalignment between regulatory objectives and MSME cost structures.
From an empirical perspective, prior studies examining QRIS adoption have identified several key determinants influencing behavioral intention and usage behavior. Trust has consistently been shown to exert a significant influence, reflecting merchants’ confidence in system reliability and transaction security (Dewi et al., 2022; Gupta & Arora, 2019; Singh et al., 2020). Performance expectancy and effort expectancy have demonstrated positive but comparatively limited effects, suggesting that perceived efficiency gains alone may not be sufficient to sustain adoption (Ayesha et al., 2021; Trinugroho et al., 2022). In contrast, social influence, facilitating conditions, hedonic motivation, and habit have been found to play more substantial roles in shaping continued use (Nurhapsari & Sholihah, 2022; Wardhani et al., 2022).
However, much of the existing literature has examined QRIS adoption under conditions where transaction costs were minimal or absent. Consequently, limited attention has been given to how regulatory cost structures—such as the MDR policy—interact with behavioral and technological factors to influence continued usage among MSMEs. This omission is particularly salient given the cost sensitivity of small-scale enterprises and the potential for policy-induced fees to alter perceived net benefits.
Accordingly, a more integrated analysis is required to examine how trust, expectancy constructs, social influence, facilitating conditions, hedonic motivation, and habit influence QRIS use behavior through behavioral intention in the presence of regulatory cost considerations. Such an approach is essential for understanding adoption dynamics under evolving policy conditions and for informing the design of payment system regulations that support financial inclusion while remaining responsive to MSME constraints.
2. Literature review 
2.1 	Theoretical Foundations of Digital Payment Adoption
Research on technology adoption has been widely informed by behavioral and acceptance-based theories that explain how individuals form intentions and translate them into actual usage behavior. Among these, the Theory of Planned Behavior (TPB) and the Unified Theory of Acceptance and Use of Technology (UTAUT) have been extensively applied in studies of digital payment systems. TPB posits that behavior is primarily determined by behavioral intention, which is shaped by attitudes, subjective norms, and perceived behavioral control (Ajzen, 1991; Fishbein & Ajzen, 2010). This framework has been applied across various domains, including financial technology adoption, to explain how cognitive evaluations and social pressures influence users’ willingness to adopt new systems.
Building on earlier acceptance models, UTAUT integrates multiple theoretical perspectives and identifies performance expectancy, effort expectancy, social influence, and facilitating conditions as key determinants of behavioral intention and technology use (Venkatesh et al., 2003). Subsequent extensions, particularly UTAUT2, incorporate hedonic motivation and habit to capture experiential and behavioral reinforcement effects that are especially relevant in consumer-oriented technologies such as mobile and digital payments (Venkatesh & Bala, 2008). These frameworks provide a comprehensive foundation for examining digital payment adoption among Micro, Small, and Medium Enterprises (MSMEs), where both rational evaluations and contextual influences shape continued use.
2.2 	Determinants of Behavioral Intention in Digital Payment Systems
Empirical studies consistently identify trust as a central determinant of behavioral intention in digital and mobile payment contexts. Trust reflects users’ confidence in system reliability, security, and integrity, particularly when transactions involve sensitive financial and personal data (Patil et al., 2020; Dzogbenuku et al., 2021). Higher levels of trust have been shown to strengthen users’ willingness to adopt and continue using digital payment platforms, including QR-based systems (Dewi et al., 2022; Gupta & Arora, 2019).
Performance expectancy, defined as the perceived usefulness of technology in improving task efficiency, has also been widely examined. Prior studies suggest that users are more inclined to adopt mobile payment systems when they perceive tangible performance benefits such as transaction speed, convenience, and productivity gains (Rahman et al., 2020; Tomic et al., 2023). However, findings indicate that while performance expectancy positively influences intention, its effect is often weaker in contexts where digital payments have become standardized or routine (Ayesha et al., 2021; Trinugroho et al., 2022).
Effort expectancy, or perceived ease of use, captures users’ assessment of the complexity involved in learning and operating digital payment systems. Although ease of use is generally associated with higher adoption likelihood, empirical results remain mixed. Some studies report significant positive effects, while others find limited influence once users become familiar with the technology (Jung et al., 2020; Sukaris et al., 2021). This suggests that effort expectancy may play a more prominent role during early adoption stages than in sustained usage contexts.
Social influence has been identified as a strong contextual driver, particularly among MSMEs operating within close-knit business and community networks. Recommendations, peer usage, and normative pressures from family, colleagues, and business partners can significantly shape perceptions of legitimacy and usefulness, thereby increasing behavioral intention (Rahman et al., 2020; Penney et al., 2021; Dewi et al., 2022).
Facilitating conditions further support adoption by ensuring the availability of technical infrastructure, organizational support, and user assistance. Studies demonstrate that MSMEs are more likely to adopt digital payment systems when they perceive sufficient resources, compatibility with existing technologies, and access to training or support services (Adinugroho et al., 2022; Sukaris et al., 2021).
Beyond utilitarian considerations, hedonic motivation and habit capture experiential and behavioral reinforcement dimensions of technology use. Hedonic motivation reflects the enjoyment and satisfaction derived from using digital payment systems, which has been shown to positively influence intention in various fintech contexts (Al-Azawei & Alowayr, 2020; Chen et al., 2021). Habit, developed through repeated usage, emerges as one of the strongest predictors of continued use behavior, often diminishing the relative influence of cognitive evaluations over time (Pal et al., 2020; Hashim et al., 2023). 
2.3 	Behavioral Intention and Use Behavior
Behavioral intention has long been regarded as a proximal antecedent of actual system use in technology adoption research. Prior studies consistently demonstrate that individuals with stronger intentions to use digital payment systems are more likely to engage in frequent and sustained usage (Venkatesh et al., 2020; Khan & Abideen, 2023). In digital payment contexts, behavioral intention captures users’ readiness to integrate mobile or QR-based payments into routine financial activities, including transaction execution, fund transfers, and bill payments.

However, empirical evidence also suggests that the intention–behavior relationship may be influenced by contextual constraints such as perceived costs, regulatory conditions, and environmental support (Dewi et al., 2022). This indicates that behavioral intention may function as a mediating mechanism through which technological, social, and experiential factors translate into actual use behavior.
2.4 	Synthesis and Research Gap
While prior studies have extensively examined digital payment adoption across multiple countries—including India, Ghana, Vietnam, and Oman—empirical evidence from Indonesia remains comparatively limited, despite its unique economic structure and high MSME concentration (Al-Saedi et al., 2020; Gupta & Arora, 2020; Penney et al., 2021). Existing research primarily focuses on individual determinants in isolation and often overlooks the integrated role of behavioral intention as a mediating mechanism linking technological, social, and experiential factors to actual use behavior.
Moreover, much of the literature examines adoption under relatively stable cost conditions, with limited attention to how regulatory and transaction-related considerations may alter adoption dynamics among cost-sensitive MSMEs. Given Indonesia’s diverse socio-economic landscape and the strategic role of QR-based payments in advancing financial inclusion, a comprehensive model integrating trust, expectancy constructs, social influence, facilitating conditions, hedonic motivation, habit, behavioral intention, and use behavior remains underexplored.
2.5 	Hypothesis Development
Prior digital payment studies consistently position trust as a foundational antecedent of intention because payment technologies require users to disclose sensitive information and rely on system integrity. When users perceive the payment system as reliable and secure, their willingness to adopt and continue using it increases (Gupta & Arora, 2019; Patil et al., 2020; Singh et al., 2020; Dewi et al., 2022). Accordingly:
H1: Trust positively influences behavioral intention.
Within UTAUT, performance expectancy captures the perceived instrumental benefits of technology use. When QR-based payments are viewed as improving transaction speed, convenience, or operational efficiency, users are more likely to form favorable intentions to use them (Rahman et al., 2020; Tomic et al., 2023). Thus:
H2: Performance expectancy positively influences behavioral intention.
Effort expectancy reflects perceived ease of learning and using the technology. Digital payment systems that are perceived as simple and uncomplicated tend to reduce adoption friction and strengthen intention, although effects may vary depending on user familiarity and experience (Jung et al., 2020; Sukaris et al., 2021; Trinugroho et al., 2022). Hence:
H3: Effort expectancy positively influences behavioral intention.
Social influence describes perceived social pressure or encouragement from important others (e.g., peers, family, business networks) to use a system. Prior evidence suggests that endorsement and normative expectations can meaningfully shape intention in mobile payment contexts (Rahman et al., 2020; Penney et al., 2021; Dewi et al., 2022). Therefore:
H4: Social influence positively influences behavioral intention.
Facilitating conditions refer to the perceived availability of resources, infrastructure, and support that enable effective system use. When users believe that adequate access, compatibility, and assistance exist, intention to adopt and continue using digital payments tends to strengthen (Sukaris et al., 2021; Adinugroho et al., 2022; Penney et al., 2021). Accordingly:
H5: Facilitating conditions positively influence behavioral intention.
Under UTAUT2, hedonic motivation reflects enjoyment or intrinsic satisfaction from technology use. In consumer-facing fintech contexts, positive affective experience with the system can reinforce intention beyond utilitarian benefits (Al-Azawei & Alowayr, 2020; Chen et al., 2021; Sukaris et al., 2021). Thus:
H6: Hedonic motivation positively influences behavioral intention.
Habit captures learned automaticity arising from repeated past behavior. Prior research identifies habit as a strong predictor of continued intention and use, particularly where digital payments become embedded in routine transactions (Pal et al., 2020; Hashim et al., 2023). Hence:
H7: Habit positively influences behavioral intention.
Finally, consistent with technology acceptance research, behavioral intention is expected to predict use behavior, such that stronger intentions translate into more frequent and sustained system use (Venkatesh et al., 2020; Khan & Abideen, 2023). Therefore:
H8: Behavioral intention positively influences use behavior.
2.7	Conceptual Model
Figure 1 presents the conceptual framework of this study. Grounded in the Unified Theory of Acceptance and Use of Technology (UTAUT2), the framework proposes that trust, performance expectancy, effort expectancy, social influence, facilitating conditions, hedonic motivation, and habit influence behavioral intention to use QRIS. Behavioral intention is further posited to mediate the relationship between these determinants and actual use behavior among Micro, Small, and Medium Enterprises (MSMEs).
Figure 1. Conceptual Framework
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Source : (Al-Saedi et al., 2020; Gupta & Arora, 2020; Penney et al., 2021; Patil et al., 2020; To & Trinh, 2021)
3. Research Method
3.1 	Research Design
This study adopts a quantitative research design to examine the determinants of QRIS adoption among Micro, Small, and Medium Enterprises (MSMEs) in Indonesia. A survey-based approach was employed to test the proposed hypotheses and assess the relationships among trust, performance expectancy, effort expectancy, social influence, facilitating conditions, hedonic motivation, habit, behavioral intention, and use behavior. Quantitative methods are appropriate for this study because they enable objective measurement, hypothesis testing, and generalization of findings across a broader population (Cooper & Schindler, 2020; Hair et al., 2020).
Data were collected using a cross-sectional online survey, which allows efficient access to respondents, cost-effective data collection, and improved response accuracy when addressing behavioral and perceptual constructs (Lamberton & Stephen, 2020; Pavlou & Stewart, 2020). The survey instrument was designed to capture respondents’ perceptions and usage behavior related to QRIS adoption..
3.2 	Sampling Size 
The target population of this study consists of MSME actors operating in Indonesia. To enhance contextual relevance and feasibility, the empirical focus was limited to the Greater Jakarta (Jabodetabek) area, which includes Jakarta, Bogor, Depok, Tangerang, and Bekasi. This region represents Indonesia’s primary economic hub and hosts a diverse concentration of MSMEs.
A purposive sampling technique was employed to ensure that respondents met specific inclusion criteria relevant to the study objectives, namely MSMEs that have experience using QRIS. Purposive sampling is widely applied in fintech and technology adoption studies when the research requires respondents with specific characteristics (Berndt, 2020).
Following Slovin’s formula and assuming a 10% margin of error, a minimum sample size of approximately 100 respondents was determined to be adequate. Data collection was conducted between May and June 2024 using Google Forms, with survey links distributed through digital platforms such as WhatsApp, LINE, Instagram, Facebook, and Twitter. All responses were collected anonymously, and only valid responses that passed the screening criteria were included in the final dataset..
3.3 	Measurement instrument
The survey instrument was developed based on validated measurement scales adapted from prior studies to ensure content validity. All constructs were measured using multiple items and assessed on a seven-point Likert scale, ranging from 1 (“strongly disagree”) to 7 (“strongly agree”).
· Trust was measured using items adapted from Dzogbenuku et al. (2021), Patil et al. (2020), and Handarkho (2020).
· Performance expectancy, effort expectancy, and social influence were adapted from Al-Saedi et al. (2020), Rahman et al. (2020), and Penney et al. (2021).
· Facilitating conditions were measured using items from Rahman et al. (2020), Penney et al. (2021), and Purohit et al. (2022).
· Hedonic motivation and habit were adapted from Chen et al. (2021), Santosa et al. (2021), and Penney et al. (2021).
· Behavioral intention and use behavior were measured using established scales from Al-Saedi et al. (2020), Migliore et al. (2022), Hashim et al. (2023), and Khan and Abideen (2023).
3.4	Data Analysis Technique
Data analysis was conducted using Partial Least Squares Structural Equation Modeling (PLS-SEM) with SmartPLS 4 software. PLS-SEM was selected due to its suitability for complex models involving multiple constructs and mediation effects, as well as its robustness with relatively small sample sizes and non-normal data distributions (Hair et al., 2020; Hakawati et al., 2024).
The analysis followed a two-stage approach:
1. Measurement model evaluation, and
2. Structural model assessment.

3.4	Measurement Model Evaluation
Construct reliability and validity were assessed using Cronbach’s alpha, Composite Reliability (CR), and Average Variance Extracted (AVE). Following established guidelines, CR values exceeding 0.70 and AVE values above 0.50 were considered acceptable, indicating satisfactory internal consistency and convergent validity (Hair et al., 2011; Netemeyer et al., 2003).
Discriminant validity was evaluated to ensure that each construct was empirically distinct from others. Multicollinearity was examined using the Variance Inflation Factor (VIF), with values below the recommended threshold of 5 indicating no serious collinearity concerns (Hakawati et al., 2024)..
3.4	Structural Model Evaluation
The structural model was assessed by examining path coefficients, t-statistics, and p-values using bootstrapping procedures. Hypotheses were considered supported when t-values exceeded 1.96 and p-values were below 0.05 (Hair et al., 2010).
The model’s explanatory power was evaluated using the coefficient of determination (R²), which indicates the proportion of variance explained in the endogenous constructs. R² values were interpreted following established benchmarks, with higher values indicating stronger explanatory capacity (Ghozali, 2016; Gao et al., 2023).
Predictive relevance was assessed using PLSpredict, as recommended in SmartPLS 4, to evaluate out-of-sample predictive performance. Positive Q² values were interpreted as evidence of satisfactory predictive relevance (Hair et al., 2013)..

4. Result and Discussion
4.1 Respondent Profile
Data were collected between June and July 2024, resulting in 221 valid responses after applying the screening criteria. Table 1 summarizes the demographic profile of the respondents.
Female respondents constituted the majority of the sample (65.6%), while males accounted for 34.4%. Most respondents were aged 17–23 years (61.1%), followed by those aged 24–30 years (31.2%). Smaller proportions were observed in the 31–39 age group (6.8%) and among respondents aged 40 years and above (0.9%). In terms of education level, the majority held a bachelor’s degree (59.3%), followed by senior high school graduates (32.1%), master’s degree holders (8.1%), and a minimal proportion with a doctoral degree (0.5%).


Table 1. Respondent Profile
	Category
	Frequency
	 %

	Male
	76
	34.4%

	Female
	145
	65.6%

	17-23
	135
	61.1%

	24-30
	69
	31.2%

	31-39
	15
	6.8%

	≥40
	2
	0.9%

	Senior High School
	71
	32.1%

	Bachelor’s degree
	131
	59.3%

	Master’s degree
	18
	8.1%



4.2 Measurement Model Result 
The measurement model was evaluated in terms of reliability, convergent validity, and discriminant validity. Internal consistency was assessed using Cronbach’s alpha and Composite Reliability (CR), with all constructs exceeding the recommended thresholds (Cronbach’s α > 0.70), indicating satisfactory reliability. Convergent validity was confirmed as all Average Variance Extracted (AVE) values exceeded 0.50, demonstrating that the constructs explained more than half of the variance of their indicators.
Among the constructs, performance expectancy exhibited the highest AVE value (0.757), reflecting strong indicator representation. Discriminant validity was assessed using the Heterotrait–Monotrait (HTMT) ratio, with all values below the recommended cutoff, confirming that the constructs were empirically distinct.
To address potential common method bias, variance inflation factor (VIF) values were examined and found to be below the critical threshold of 5, indicating no serious multicollinearity or common method bias concerns. Overall model fit was assessed using the Standardized Root Mean Square Residual (SRMR). The SRMR value of 0.048 indicates an acceptable model fit.

Table 2. Average Variance Extracted
	Construct
	Cronbach's Alpha
	AVE

	Behaviour Intention (BI)
	0.899
	0.668

	Effort Expectancy (EE)
	0.932
	0.748

	Facilitating Conditions (FC)
	0.89
	0.754

	Habit (H)
	0.923
	0.725

	Hedonic Motivation (HM)
	0.915
	0.747

	Performance Expectancy (PE)
	0.892
	0.757

	Social Influence (SI)
	0.908
	0.687

	Trust (T)
	0.907
	0.687

	Use Behavior (UB)
	0.909
	0.69



4.3 Structural Model Results
The structural model was assessed using PLS-SEM with SmartPLS 4, and hypothesis testing was conducted using bootstrapping procedures. Path coefficients were evaluated based on t-values (> 1.96) and p-values (< 0.05).
The results indicate that trust, performance expectancy, effort expectancy, social influence, hedonic motivation, and habit have positive and significant effects on behavioral intention. In contrast, facilitating conditions were found to have no significant effect on behavioral intention (t = 1.099; p = 0.272). Furthermore, behavioral intention demonstrated a strong and significant effect on use behavior.
The explanatory power of the model was evaluated using the coefficient of determination (R²). Behavioral intention exhibited a strong explanatory value (R² = 0.820), while use behavior showed a moderate explanatory value (R² = 0.484). Predictive relevance was assessed using Q² values, which were positive for both behavioral intention (Q² = 0.806) and use behavior (Q² = 0.475), indicating satisfactory predictive capability.
Table 4. Structural Model Results and Hypothesis Testing
	Construct
	Original Samples (Beta)
	P-Value (Sig)
	Results

	BI -> UB
	13.547
	0
	ACCEPTED

	EE -> BI
	4.007
	0
	ACCEPTED

	FC -> BI
	1.099
	0.272
	REJECTED

	H -> BI
	4.303
	0
	ACCEPTED

	HM -> BI
	5.356
	0
	ACCEPTED

	PE -> BI
	3.773
	0
	ACCEPTED

	SI -> BI
	3.91
	0
	ACCEPTED

	T -> BI
	4.062
	0
	ACCEPTED

	
	
	
	




Table 4. Coefficient of Determination (R²) and Predictive Relevance (Q²)
	Model
	R-Square
	Q-Square

	Behaviour Intention
	0.82
	0.806

	Use Behavior
	0.484
	0.475




4.4. Discussion
This study examined the determinants of QRIS digital payment adoption by integrating trust and UTAUT2 constructs, with behavioral intention acting as a mediating mechanism between individual perceptions and actual use behavior. Overall, the findings provide strong empirical support for the proposed model and extend prior digital payment literature in the Indonesian MSME context.

The results demonstrate that trust exerts a significant positive influence on behavioral intention, confirming its central role in fintech adoption. In line with prior studies, trust appears to be particularly salient in QRIS usage due to concerns related to transaction security, data privacy, and system reliability (Ali et al., 2021; Dzogbenuku et al., 2021). The significance of trust reinforces the argument that users’ confidence in the platform is a prerequisite for sustained engagement, especially in digital payment environments where perceived risk remains salient. This finding aligns with earlier evidence emphasizing trust as a critical driver of technology acceptance and customer retention (Patil et al., 2020).

Consistent with UTAUT2, performance expectancy was found to significantly influence behavioral intention. This suggests that users perceive QRIS as enhancing transactional efficiency and productivity, supporting previous findings that perceived usefulness remains a key motivator in digital payment adoption (Rahman et al., 2020; Sukaris et al., 2021). The ability of QRIS to streamline payment processes and reduce transaction time strengthens its perceived value, reinforcing performance expectancy as an instrumental determinant of intention.

Similarly, effort expectancy showed a positive and significant effect on behavioral intention, indicating that ease of use continues to play an important role in shaping users’ willingness to adopt QRIS. This result is consistent with studies highlighting the importance of simplicity and clarity in reducing cognitive effort during technology interaction (Al-Okaily et al., 2020; Tomic et al., 2023). The finding suggests that even as digital payments become more widespread, usability remains a relevant consideration for sustaining adoption.

Social influence also emerged as a significant predictor of behavioral intention, underscoring the role of social context in digital payment adoption. Recommendations from peers, family members, and social networks appear to legitimize QRIS usage and reduce uncertainty, consistent with earlier research emphasizing normative pressures in technology acceptance (Rahman et al., 2020; Al-Sabaawi et al., 2021). This finding highlights the importance of collective endorsement in accelerating diffusion, particularly in emerging digital ecosystems.

In contrast, facilitating conditions were not found to significantly influence behavioral intention, diverging from some prior studies (Penney et al., 2021; Siyal et al., 2021). One plausible explanation is that infrastructure readiness and access to resources have become baseline expectations rather than differentiating factors. In contexts where digital payment infrastructure is already widely available, facilitating conditions may no longer directly motivate intention, with users placing greater emphasis on trust, usability, and perceived benefits. This finding suggests a contextual shift in the determinants of QRIS adoption, where structural support is necessary but not sufficient to drive intention.

The results further indicate that hedonic motivation significantly enhances behavioral intention, confirming that enjoyment and positive user experience contribute meaningfully to QRIS adoption. This aligns with prior studies demonstrating that affective responses can complement utilitarian benefits in fintech usage (Al-Sabaawi et al., 2021; Hashim et al., 2023). The finding suggests that QRIS adoption is not purely functional but also influenced by experiential value.

Additionally, habit was found to be a strong predictor of behavioral intention, indicating that repeated use fosters automaticity and reduces resistance to continued adoption. This supports the view that habitual behavior plays a crucial role in sustaining digital payment usage once initial adoption barriers have been overcome (Lim et al., 2021). Habit formation appears to reinforce intention by embedding QRIS into users’ routine financial practices.

Finally, the results confirm that behavioral intention significantly influences actual use behavior, consistent with core assumptions of technology acceptance theories (Venkatesh et al., 2020). Users who exhibit stronger intentions to use QRIS are more likely to integrate it into their daily transactions, highlighting behavioral intention as a critical mediating mechanism linking individual perceptions to observable usage outcomes.

Taken together, these findings underscore the continued relevance of UTAUT2 in explaining digital payment adoption while highlighting the central role of trust and habit in the QRIS context. The non-significant effect of facilitating conditions further suggests that adoption dynamics evolve as digital payment systems mature, warranting context-specific re-examination of established models.

5. Conclusion and Implications 
This study investigated the determinants of QRIS digital payment adoption among Micro, Small, and Medium Enterprises (MSMEs) in the Greater Jakarta area by integrating trust and UTAUT2 constructs, with behavioral intention serving as a mediating mechanism between individual perceptions and actual use behavior.
The findings reveal that trust, performance expectancy, effort expectancy, social influence, hedonic motivation, and habit significantly enhance MSMEs’ behavioral intention to use QRIS, whereas facilitating conditions do not exhibit a significant influence. Furthermore, behavioral intention strongly predicts actual use behavior, confirming its central role in translating perceptions and experiences into consistent QRIS usage.
These results contribute to digital payment and technology adoption literature by reaffirming the relevance of UTAUT2 in emerging economies while highlighting trust and habit as dominant drivers in mature digital payment environments. The non-significant role of facilitating conditions suggests that infrastructure readiness may have become a baseline expectation rather than a motivating factor in urban contexts such as Greater Jakarta.
From a practical perspective, the findings imply that QRIS providers, financial institutions, and policymakers should prioritize trust-building initiatives, communicate clear performance benefits, maintain system simplicity, and leverage social networks to reinforce habitual usage. While facilitating conditions remain important, they appear insufficient on their own to drive adoption in the absence of strong psychological and experiential motivators.
Despite these contributions, this study is limited by its geographic focus and the exclusion of factors such as financial literacy, perceived risk, and sectoral differences among MSMEs. Future research may expand the regional scope, incorporate additional explanatory variables, and employ longitudinal designs to better capture changes in digital payment behavior over time.
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